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Base actions on predictions
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Reinforcement learning
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How to choose the action?
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Return value
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Value function
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Reinforcement learning
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Sparse reward settings
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Use intrinsic rewards r¢
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Reward the exploration of novel states




Reward the exploration of novel states




How to find novel states?

make predictions




How to find novel states?

make predictions get surprised




Curiosity
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Asynchronous Advantage Actor-Critic architecture (A3C)

Feature
Extractor

¢(sp)

A3C

Network

_>at

> Vﬂ(d’(st))

A3C



Adding curiosity
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Learning good features
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Good features for all
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Adding Value Prediction
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Value Prediction Consistency

V™(se) = Eplre + vV (sp41)



Value Prediction Consistency
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Value Prediction Consistency
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Let’s see how it works in practice




Rewards per episode
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Rewards per episode
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Rewards per episode
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Rewards per episode
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Thinking bigger




Rewards per episode
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Rewards per episode
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Rewards per episode
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Rewards per episode
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Doom environment




Doom Setup




Rewards per episode
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Rewards per episode
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Rewards per episode
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Rewards per episode
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Question & Answers
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